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Content-based Image Retrieval Using
Fuzzy Multiple Attribute Relational Graph

Sung-Hwan Jung!

ABSTRACT

In this paper, we extend FARG's single node attribute to multiple attributes for real image application and present a new CBIR using FMARG
(Fuzzy Multiple Attribute Relational Graph), which can handle queries involving multiple attributes, not only object label, but also color, texture
and spatial relation. In the experiment using the synthetic image database of 1,240 images and the natural image database of 1,026 images built
from NETRA database and Corel Draw, the proposed approach shows 6~30% recall increase in the synthetic image database and a good
performance, at the displacements and the retrieved number of similar images in the natural image database, compared with the single attribute
approach.
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