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A Study on the Heuristic Search Algorithm on Graph
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ABSTRACT

Best-first heuristic search algorithms, such as A* algorithm, arc one of the most important techniques used to
solve many problems in artificial intelligence. A common feature of heuristic search is its high computational
complexity, which prevents the search from being applied to problems in practical domains such as route-finding
in road map with significantly many nodes.

In this paper, several heuristic search algorithms are concerned. A new dynamic weighting heuristic method
called the path-sensitive heuristic is proposed. It is based on a dynamic weighting heuristic, which is used to im-
prove search effort in practical domain such as admissible heuristic is not available or heuristic accuracy is poor.
It’s distinctive feature compared with other dynamic weighting heuristic algorithms is path-sensitive, which means
that w(weight) is adjusted dynamically during search process in state-space search domain. For finding an optimal
path, randomly scattered road-map is used as an application area.
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