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A Hybrid Clustering Technique for Processing Large Data

Man-Sun Kim'- Sang-Yong Lee'"

ABSTRACT

Data mining plays an important role in a knowledge discovery process and various algorithms of data mining can be selected for the specific
purpose. Most of traditional hierachical clustering methods are suitable for processing small data sets, so they have difficulties in handling Jarge
data sets:because of limited resources and insufficient efficiency. In this study we propose a hybrid neural networks clustering teghnique, called
PPC fm Pre-Post Clustering that can be applied to large data sets and find unknown patterns. PPC combinds an artificial irlﬁel]lgencé method,
SOM and a statistical method, hierarchical clustering technique, and clusters data through two processes. In pre-clustering process, PPC digests
large data sets using SOM. Then in post-clustering, PPC measures similarity values according to cohesive distances which show inner features,
and adjacent distances which show external distances between clusters. At last PPC clusters large data sets using the simularity values. Experiment
with UCI repository. data showed that PPC had better: cohensive values than the other clustering technigues.
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