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Abstract Machine intelligence will be a dominant technology in the 1990s.
Pattern recognition techniques are often an important component of intelligent

systems and are used for both data preprocessing and decision making. Broadly

spaeking, pattern recognition is the science that concerns the description or

classification of measurements. Very many of the applications of neural networks

are to classification, and so are within the field of pattern recognition. In this

paper we explore how neural networks fit into the earlier framework of pattern

recognition, and show that that framework can help us to make better use of

neural networks for classification.
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