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Abstract

This paper presents the method for searching web pages on a particular
kind or on a particular topic with increased accuracy using reinforcement
learning, a branch of machine learning.

General purpose search engines traverse web link graphs using crawlers
which collect the informations accessing the information sources in the
WWW, this crawlers use breadth—first search strategy. But this
breadth—first search strategy is not efficient in using the information on the
hyperlinks which are the structural feature of the web pages which are
written in HTML(Hypertext Markup Language).

Concerning the problem of following hyperlinks in the WWW for finding
specific web page, reinforcement learning provides a formalism for
measuring the utility of actions that give benefit in the future. In relation
to using hyperlink’s informations, there have been several studies of
ordering algorithms which analyze the hyperlinks on the web pages.

Experiments have been performed on an artificial dataset and WebKB
dataset. The first dataset consists of 200 web pages, 800 hyperlinks about
artificial intelligent conference web pages, second dataset consists of about
1000 web page, 7000 hyperlinks. Our empirical results show that the
proposed method performs more efficient search, requiring exploration of

fewer hyperlinks than the breadth—first search method does.

Keyword: Information retrieval, hyperlink, reinforcement learning,

breadth—first search
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