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A Spatial Data Mining System Extending Generalization
based on Rulebase
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ABSTRACT

Extraction of interesting and general knowledge from large spatial databases is an important task in the development
of geographical information systems and knowledge-base systems. In this paper, we propose a spatial data mining
system using generalization method; In this system, we extend an existing generalization mining and design a rulebase
to support deriving new spatial knowledge. For this purpose, we propose an interleaved method which integrates spatial
data dominated and nonspatial data dominated mining and construct a rulebase to extract topological relationship
between spatial objects.
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B R unxdtes X Ry mAdE XHE
(InterULX InterLRX)& 3=t} findInter Y(§4)& find-
InterX$} Z& 98L& &) YHE #FF 5ol #/

InterMBR(SlipNum!, SlipNum2, InterULX InterULY,

InterLRX InterLRY) «
findChain(SlipNumL,InterULX, InterUL'Y Jnter
IRKInterd 300, 1 e
findChain(SlipNum?2,InterULX,InterULY, Inter
LRX InterLRY),
InterChain(SNX1,SNX2,SNY1,SNY2NodeCount1,
NodeCount2,
[NodeList1],[NodeList2],stSN2,stEN1,stEN2,[Inter
NodeList]).

/* T3}k MBRUOA aitste =88 Fohdd +/

findChain(SlipNum,InterULX InterULY InterL RX Inter

LRY) «
chain(ChainNum,SNX,SNY NodeCount,[Node
List],SlipNum),
storeChain,InterULX, InterULY ,InterLRX Inter
LRY,SNX,SNY,
NodeCount,[NodeList],&tSN,&tEN).

/* 2} Polygon®l chainZ MBRol Eoj7ls RETW

Fohdch. o714 storeChain(I<)olA o] REL 3

3 ¥A9 SlipNum$| chaing F 2isE MBRY
of §o1%0+ chain@9] A WA nodes] &MU RE(stSN
ol)st kA% node?] &MUIL(SLEN)} AJEck &
¥ InterChain(g<glolA o] &€& 95 =39 3
A7 ¥ #E7l InterNodeListl AZ g} +/

5.1 &

8% FIH(spatial) cholEjsio] 2ol X AL-gajel
A BN distd AN g FEdE AL Y A
E A&dond AY woja Axde sdd FoE
Zielth. 22iv 33 AelE7} Ze wolH 49 @
ges A8, T} NoEMel22RE A4x7} &
e FAAHY AL EAdAUE AL vEdHoln
Hgo] @o] =& FHAYolth. I3 thole] mo|d L o]
He EAE d@sts AozA, TR FT o
1 molds] JlYd Wb CEE A7) S de
532 At o FAME VBE YL dEFe F
7 AAES Q¥ BYEL s Mdez
3o} 28 F glE VYeR F A G o
8% 71Yelgd ¥ 4 sk

o] utz} ziyte] F2t wog mlolyg AlAYE o
o A EANE ANE L A, 2 A48
&2 HED dolHE $HOZ YNHE & Fo o
g OE dolg yNoz YusAE PUe AHgs
gk ey B JojHE PHSE e Afde,
@ Neo) NAM B ZAGoin)olut ET U
(merge)s & Q8@ Nk Huz He Hyo) 1)
AgHo) gt EA, dBHOE clojyd Aol He

£ FAEE #Ue FAd BHAT Yehie B
ZAEY A97 Bl Uk au ol® ojFAo)
HEAME vhely A9} st ol4e] FAEd B
Yuishe aFsE A7 A weA oHe
o FP clolYe AHgRelA & o E¥am AR
9 2% ANg AT & WA 9o AA, AR
o) gpE AY A Axadoly Fg vroly Ax
de 2 dolHE 2E¥ 4+ Ut sl%o] Aeise|
Qo ol AAdEE B AMERY 9¥ BAE
2gdo & Wayol Wo| ot =3 F Holg)
wleldel M B A F Hloverlay) T& 22 A
4 (merging) BE 3 ANEo| Bol B4 k.



FAMOIA 7IH0) YBtsE WS B GIOIE! 0101 AIAH 2705

2 =8dAME odd EAEE ddsr] 94, #
Z dlolE wolel W] Al4st: dytE(generali-
zation) 7I'4& &34 Izt dolgvloly 2EH FI
Helelg F8E & UZE 7358 FAwlX(rule-
base)& T I3 vlolgivlolgd A AL HAYc)
ol& 9#l ¥ dlele $XM(spatial data dominated)
7 H]F 7 dlo]g $M(nonspatial data dominated) ©}
o]'d& HYs e 2 Einterleaved)® WAE A
oA, 3 dojg 4 nlojYAld FYsH: 2y
89 I ANE A 5 UEE Qo £F o) E o]
£38o g A Z(multiple thematic map)?t 3ol A
2 W B S F2E d £ de 4L AU
oA, tgsin AEsid dvsig I3 4L
AT F e =7& ot el vlxgoz 37 o}
old FAAN WaA He F dNs g3, A8
T8 FL ANEY 44 BA(topological rela-
tionship)& F&37] & 7 73 wol~g +3%
gt

8

Ho
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