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Data Mining Time Series Data With Virtual Transaction
Min-Soo Kim'- Chul-Hwan Kim*'' - Ung-Mo Kim**!

ABSTRACT

There has been much research on data mining techniques for applying more advanced applications. However, most of these techniques has
focused on transaction data rather than time series data. In this paper, we introduce a approach to convert time series data into virtual transaction
data for more useful data mining applications. A virtual transaction is defined to be a collection of events that occur relatively close to each
other. A virtual transaction generator uses time window or event window methods. Our approach based on time series data can be used with
most conventional transaction algorithms without further modification.

FIRE : BOIE| 0i0{'e (data mining)., AIMS GOIEI(time series data), 715t EMMM(virtual transaction), O|M% EHO|Ei(event data).
TE (pattern), SMAM (transaction)
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